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Abstract:

In this response to Mekasha and Tarp we show tdtary to what they state, their study validates
our basic analysis. They confirm that the literatfinds that aid is of little economic importance i
generating growth. The results also show thatiteeature systematically selects control variables
for their effect on aid effectiveness. We arguat their choice of the random effects model is not
appropriate for the problem at hand, and that thg they use multiple meta-regression analysis

contradicts the robust results reached at the laasilysis.

l. Introduction

The most important test of any empirical resulvigether it survives independent replication. Meta-
regression analysis (MRA) is the systematic anglydi the robustness of empirical results to
replications. Doucouliagos and Paldam (2008, 20idreafterD&P08 and D&P11) find that
aggregate aid has no robust effect on growtin average. Aid ineffectiveness is a sad result, and
we have stressed promisimlisaggregate results: D&P08 note that it appeared that aid had
positive effect on growth in Asia, while D&P11 ndteat it appeared that sormemponents of aid
had a positive effect on growth. Mekasha and T&t@T11 and M&T12Y are critical of D&P08
and D&P11, finding evidence that aid tends to havmositive effect on growth in their MRA. In
this brief response we argue that D&P and M&T argely in agreement on the basic issue and the
divergence of conclusions relies fundamentally lma treatment of heterogeneity in the MRA and
also whether one chooses a fixed effects (D&Pandom effects (M&T) model.

. M eta-regression analysis
The growth regression literature is well-known tvé a robustness problem (Durlauf, Johnson and
Temple 2005). If a sufficiently large set of poiahtontrol variables and estimators is mined, the

researcher generates a wide range of estimatefloterts to choose from. This produces excess
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variation (heterogeneity) in the reported estima#sprincipal aim of MRA is to study this
variation, quantify the effect of specificationfdifences and identify what if any robust conclusion
can be drawn.

MRA is conducted at two levels. The first level ahwes the literature search, data coding,
and the estimation of the basic funnel-asymmetegigion effect test (FAT-PET) MRA:

effect; = 5, + B,SE; ¢ (1)

wheregeffect is the estimated effect of aid of growth a#fl is the estimate’s standard error. The
FAT tests HO, = 0, often interpreted as a test for publicatiolecen bias. The PET tests Hgy

= 0, a test for the existence of an effect, in@untext of aid on growth, corrected for selectidasb
The FAT-PET MRA is an objective test: once theréitare is coded there ake and only one FAT-
PET MRA to run, as represented by (1).

The second level of analysis expands (1) to accatabeoheterogeneity by estimating
multiple MRA which can be used to: (i) identify tacs that result in excess variation in reported
estimates and (ii) adjust the meta-average fortethiariables bias. If publication bias is detected
at the first level, it means that variables systematically omitted as per their effect on the variable
of interest (aid). Hence, great care has to becesaat in conducting (ii) in the face of publication

bias.

I[Il. Dataandthe FAT-PET MRA
There is no disagreement on the set of studie®toobered in the MRA of aid effectiveness, as
published in Christensest al. (2010); D&P and M&T use the same set of studidserg may be
slight differences in the coding of these studisscading is complicated by wide differences in
reporting standards between econometric studiemgsoontain contradicting, incomplete or
doubtful information). Coding differences do ndealthe basic results (Table 1).

Table 1 reports estimates of the FAT-PET MRA ore fixersions of the D&P08 data set.
The estimates use either robust standard erraasdatd errors adjusted for data clustering, or
robust regression. The first two sets of estimasesweighted least squares with precision weights.
Panel (i) reports the original D&PO08 results. Pa(igl reports M&T’s results; these show a
marginally larger publication bias but for all ptiael considerations the results are identi€anel
(iif) uses our own revised dataset, and panelr@pjaces estimates from the unpublished studies in
D&PO08 with estimates in a subsequently publishegioa where applicable. Panel (v) includes

some estimates excluded from D&P08 because they marcentral to the authors’ main analysis.
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The results are remarkably consistent (see alsol2&Rn all cases, the FAT shows robust
evidence of positive funnel asymmetry consisterthwselection bias; M&T also find that the aid
effectiveness literature (AEL) systematically sedecontrols to generate positive estimates of aid
effectiveness. Although the meta-average (PET)ositpe, the size is so small as to be of no
practical significance. By the criterion of CohelB88: 79-80) the size of the meta-average is
negligible (0.02 to 0.04) and when data dependé&neecommodated by using clustered standard
errors the meta-average is not statistically sigaift. The null hypothesis of no effect cannot be
rejected

Table 1. Estimates of the FAT-PET MRA

(1) FAT (2) PET
Regression/s.e. Funnel asymmetry Meta-average N
(i) Original estimate from D&P08 (p.11)

Robust s.e. 0.734.41) 0.03(1.82) 541
Clustered s.e. 0.732.43) 0.03(1.00)
Robust regression 0.884.77) 0.02(1.32)

(i) M&T results (p.10)
Robust s.e. 0.794.84) 0.03(1.73) 537
Clustered s.e. 0.792.67) 0.03(0.94)

(iif) With new revision
Robust s.e. 0.694.18) 0.03(2.23) 536
Clustered s.e. 0.692.30) 0.03(1.19)
Robust regression 0.7¢4.49) 0.03(1.73)

(iv) With published version of estimates
Robust s.e. 0.663.76) 0.04(2.28) 512
Clustered s.e. 0.662.09) 0.04(1.22)
Robust regression 0.8.49) 0.02(1.43)
(v) With additional estimates

Robust s.e. 0.7q4.52) 0.03(1.90) 618
Clustered s.e. 0.7@2.34) 0.03(0.99)
Robust regression 0.8(4.85) 0.02(1.14)

Notes: The dependent variable is the partial correlatidre brackets hold t-ratios.

IV. Methodological issues
Although M&T favour using standard errors rathearthsample size as weights, D&P favour
sample size as it results in smaller bias (Hurmer &chmidt 2004; Schulze 2004) and the standard

error of the correlation is not independent of twerelation (Stanley and Doucouliagos 2012).



However whichever weights are used has no effecthensubstantive results. There are also
differences between D&P and M&T in the treatmentndéraction terms. As D&P10 find that aid
interactions fail in independent replications, @wd be incorrect to include the interaction teims
the calculation of the partial correlation betwagshand growth. The alternative is to include bynar
variables in the MRA to capture specification diffleces between studies. Interaction terms impose
a structure on the data that can ultimately lead toisspecification bias. The MRA coefficients

quantify that bias.

Fixed versus random effects

One fundamental difference is that M&T12 strongiiva@cate the use of the random effects model
whereas D&PO08 draw statistical inferences from fiked effects models. Stanley (2008) and

Stanley and Doucouliagos (2012) show that whilénliscied and random effects weighted averages
are biased in the presence of publication selecfized effects averages are less biased (this
explains why M&T12 find significantly larger metaerages with the random effects weighted

average).

Random effects models are extensively used in mkdksearch where estimates are drawn
from controlled clinical trials so it can be assuirikat research variation is random. Econometric
studies use estimates derived from (often overtappobservationatlata; our view is that this
generates excess variation in applied econometratscannot be assumed to be random (Stanley
and Doucouliagos 2012). Heterogeneity can actualyanalysed within a multiple MRA model

with fixed effects (Stanley and Doucouliagos, 2012)

Multiple MRA: Genuine effect heterogeneity or bias?
Another fundamental difference between D&P08 andTM& in the application of multiple MRA.
Both D&P08 and M&T use essentially the same sehoflerator variables to run multiple MRASs.
D&PO08 use the moderator variables only to study dbserved heterogeneity in the reported
estimates, due to the results reached at thddwrst. M&T use them for an augmentation process to
increase the estimate of aid effectiveness. Th@raach disregards the results of their own basic
analysis showing precisely that the selection efdbntrols is non-random.

In D&PO08 we did not attempt to report multiple MRAtimates corrected for selection bias.
We have now conducted such analysis. The MRA pteden D&P2012 includes: (i) conventional
MRA,; (ii) the fixed-effects unbalanced panel estiongaand (iii) heterogeneity in selection bias
where we show that all of the observed heteroggneisimply an outcome of research design.

These MRA models generate robust results and comfiost of the inferences made in D&P08.
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V. Conclusions: Sad robust findings

The fundamental message of our meta-studies iputdication bias (a point on which we are in
agreement with M&T). Rather, it is the absenceotiust evidence indicating aid effectiveness as a
cross-country experience. Few could deny that thdieation of poverty is an urgent and pressing
global issue. The key issue is not whether the ldped world should assist; for surely it must.
Rather, the central issue is the form that thisstssce should take. To date, no stable modeldf ai
effectiveness has been found. This result is cowfir by M&T — their basic FAT-PET results are
virtually identical to ours. Even after recodinfgpetprior inferences still stand unchanged. We

consequently know that most of the reported aielot$fare not robust.
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